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The Al Inflection Point: How to think about the
next era of your business

Kate Morgan -Baker
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Question:

How much more capable are today’s frontier models than when
ChatGPT launched in November 20227
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We set Faculty up 10 years
ago because we thought that
Al would be the most
important technology of our
time.
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For ...
Ten years of Faculty >7:bO

clients, in

>400 >20

countries
Al product builds

>6O By our team of ...
Al strategies signed off >400

Al specialists, with
>500

PhD Scientists supported into >]OO

applied Al careers in industry
STEM PhDs between them



Faculty has built some of the
most significant Al systems in
the UK and internationally
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CATALYSING FRONTIER Al
INNOVATIONS

SAM ALTMAN
CEO, OPEN Al

“Faculty have cared about
Al safety for a long time,

and so Faculty have been a
natural and wonderful
partner for us.”

SAVING LIVES DURING
CoVID

SIR SIMON STEVENS
CEO, NHS

“The Faculty team were
high-calibre, engaged, and
flexible. It was a distinctive
contribution that was not
made by anybody else to
the data response to Covid
and ensuring we had a full
system view of demand on
acute services.”

PROTECTING UK NATIONAL
SECURITY

DEPUTY NATIONAL
SECURITY ADVISOR

“Faculty’s work set a new
standard for the
automated detection of
harmful and abhorrent
terrorist video
propaganda.”




How to think aboutAl -
and the pace of change
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An Al timeline

1955; 1960 1965 1970 1975

Expert-coded
- rules

Small data sets

Symbolic Al

Machine Learning (ML)

1980 1985 1995 2000 2005

1990

Learning algorithms

Large data sets

Machine Learning

Neural Networks

Deep Learning

12010 2015 2020 2025

. Transformer models

Extremely large
data sets

Very large data sets




Relating different kinds of Al

Deep learning

Generative Al

Large
language
models

Data
science

Artificial Intelligence is a very broad term describing intelligence
demonstrated by machines.

Machine learning is a subfield of Al in which learns patterns from
data to perform tasks or make predictions, rather than being
explicitly programmed to do so.

Deep learning is the layering of machine learning techniques
typically used to learn complex representations of data, enabling
complex pattern recognition.

Generative Al uses deep learning and other techniques to learn to
produce new content such as text, images, code.

Large language models (LLMs) are GenAl models trained on large
amounts of text to model and generate language used on tasks like
text generation, summarisation, reasoning, translation, and
conversational interaction.

Data science is the field of advanced mathematical techniques used
to extract insight and value from data. Artificial Intelligence and ML
are tools often used within data science, but data science also
encompasses experimentation, analytics and decision making.




Al in three eras

c.1950-2022
patterns in data

2022-2025

patterned data

2026 and beyond
patterns in data

|ldentifying

Generating

Acting on




Al progress has been
remarkable

J,c'

Copyright 2025 Faculty Science Ltd. All Rights Reserved.
CONFIDENTIAL

Jul 22

Al has reached
human-level
performance across
a wide range of
tasks

It is widely accepted
by industry leaders
that S1 billion
training runs are
currently underway

Human performance = 100%

$1bn single training run

. AlphaZero

GPT-3 175B (davinci)

L 2
L 2

PaLM (540B)

Gemini 1.0 Ultra 4p
GPT-4 @
L K 2
L 2

Inflection -2




Question:

How much more capable are today’s frontier models than when
ChatGPT launched in November 20227



We're not in a hype cycle...

we’re living a long-term ,
trend Computers are getting cheaper and more capable

Cost per computation, 1939-2023
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Source: Kurzweil (2024)
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Al is the latest milestone in
this long-run exponential

trend The average length of tasks Al can perform is doubling every 7

months - faster than Moore’s Law

Source: METR (2025)
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What actually is a Large Language Model (LLM)? b

Next word (“token”) prediction in a sentence based on
probability learnt from large volumes of text

No predetermined answer

Randomness (“stochasticity”) baked in

E{

Trillions Billions SMMs
model words in training data cost to train
parameters (books, web crawl, from scratch
wikipedia)




The evolution of Reasoning Models

Chain of Tkougbi

1. Observation 2. Reasonins 3. Co:\clusion

Look at the Think it Reach the
problem through answer

S{ep bg Step —
- Loica[ Ana(ysis




The debut of @'deepseel( Z
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'Al's Sputnik moment': How China's
DeepSeek chatbot sent a $1 trillion
shockwave through tech

Donald Trump said DeepSeck was a ‘'wake up call’ for US firms, after its emengence
caused a rout in tech shares,




Rather than overoptimism,
Al prognostications are
overly cautious

;,c'

Copyright 2028 Faculty Science Ltd. All Rights Reserved.
CONFIDENTIAL

e

Economist

The economics
of superintelligence

“Earlier this month, the Forecasting
Research Institute asked both professional
forecasters and biologists to estimate when
an Al system may be able to match the
performance of a top team of human
virologists. The median biologist thought it
would take until 2030; the median
forecaster was more pessimistic, settling on
2034. But when the study’s authors ran the
test on OpenAl’s 03 model, they found it
was already performing at that level. The
forecasters had underestimated Al’s
progress by almost a decade.”

The Economist, 26 July - 8 August 2025




Agents are prompting
organisational redesign

NEWS Al Is Turning Traditional Corporate
Mome IaDepth erael-Gasa wir Wae in Ulraine  Climate UK World  Bosnens  Potitics  Cufture Org Charts UpSldC Down

- are ge tting lea fl; while leaders at the top are
Why firms are merging HR and IT s SRR

departments
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Al is moving from pilot to core
utility...

Not only is the pace of change due to Al becoming
faster but it is becoming ever more embedded in our

daily lives and the way we run our companies

.75'
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More than

1.1 billion

people are actively using Al

34%

of businesses are creating new
products or reinventing core processes
around Al

More than

17%

of people in developed markets are
using Al-powered devices

More than

S 285bn

of market value wiped out due to
recent Claude releases

Sources: Deloitte (2026), Al Bell (2026), Tableau (2026)


https://www.deloitte.com/us/en/what-we-do/capabilities/applied-artificial-intelligence/content/state-of-ai-in-the-enterprise.html
https://www.ajbell.co.uk/news/data-disrupted-how-ai-hitting-everything-comparison-sites-software-and-analytics-firms
https://www.tableau.com/data-insights/ai/examples#:~:text=You%20may%20or%20may%20not,search%20function%20on%20your%20smartphone.

“Wait and see” is not a
strategy

No new Al-specific rules from the FCA, instead covered under existing
SM & CR regime ... i.e. compliance is expected immediately

The EU Al Act essentially "forces the hand" of corporate clients,

creating a structured data environment that insurers can exploit

The IAIS (International Association of Insurance Supervisors) has made
Al adoption a "key supervisory priority" for 2026 to detect the
potential build-up of systemic risk across global markets
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The productivity paradox

UK labour productivity growth has flatlined in the
same period since Generative Al burst onto the
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of Al projects fail

The Gen Al Divide, MIT Report, August 2025
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Ten lessons from the 10
years of applied Al

TEN LESSONS
FROM TEN YEARS
OF APPLIED Al

Fantut g COntrtasm from
- Arver Tinyg Was g Ng e
S 80 aPa Mg | gy T s )
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Al is technology for human decision makers

It’s data SCIENCE, not DATA science

Al widgets are easy. Building Al into core business processes is not.

There’s no such thing as complete data

Business strategy trumps Al strategy

Augment human tasks that require judgment. Automate those that don’t

Al is an operational discipline, not an analytical one

If you don’t control your models, they control you

Build in increments that are individually valuable and collectively
transformative
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Ten lessons from the 10
years of applied Al

TEN LESSONS
FROM TEN YEARS
OF APPLIED Al
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Al is technology for human decision makers

It’s data SCIENCE, not DATA science

Al widgets are easy. Building Al into core business processes is not.

There’s no such thing as complete data

Business strategy trumps Al strategy

Augment human tasks that require judgment. Automate those that don’t

Al is an operational discipline, not an analytical one

If you don’t control your models, they control you

Build in increments that are individually valuable and collectively
transformative




A framework for understanding organisational Al maturity

Development Modelling, Application Development

Infrastructure Data, IT Architecture
Users User Needs, Change Management

Benefits Baselining, Impact Measurement

Governance Tech / Security / Data / Risk

&

0 Production models
in business support
areas

°

Strategy

POC Models

\ 4

Connected Al
system

4

Production models
in the core of the
business
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Al is technology for human decision makers

It’s data SCIENCE, not DATA science

Al widgets are easy. Building Al into core business processes is not.

There’s no such thing as complete data

Business strategy trumps Al strategy

Augment human tasks that require judgment. Automate those that don’t

Al is an operational discipline, not an analytical one

If you don’t control your models, they control you

Build in increments that are individually valuable and collectively
transformative




So what... ?

Define your priorities

Anchor to your business
strategy

Al is a tool in service
of the business

02

Look end-to-end

The whole is greater than the
sum of its parts

Al is an opportunity to re-
imagine the way you do what
you do best

03

Know your value

What parts of your business
need the human touch

Know your agency in the use
of these tools




FACULTY
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http://faculty.ai/contact-us/
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